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Executive Summary 

 

Based on payment and engagement trends, we find that client repayment outcomes and social 

media interactions tend to decline around 4 to 5 months after a committee is launched. Most 

reasons are around vulnerabilities around forgetfulness and drop of digital social connection. 

Given this finding, we want to test, using a randomized controlled trial (RCT), whether increased 

digital engagement by Oraan improves client payment, recurrence, and interaction outcomes. 

Traditional committees rely on social capital to enforce good repayment behavior by its members. 

For instance, a participant in, say, a neighborhood committee, who has received an earlier payout 

may not default on their remaining financial obligations due to the fear of social censure from their 

fellow committee members. In digitally formed committees, cultivating this type of social capital 

is more difficult as committee members do not usually know each other or meet in person to 

disburse payments. Therefore, in order to increase its client base and ultimately to promote broader 

financial inclusion, it is essential that Oraan determine the types of “digital” social capital that are 

most effective in engaging its clients.  

 

Problem Statement 

 

Pakistan constitutes about 5% of the total un-banked global population out of which less than 5% 

of women are included in the formal financial sector, compared to South Asia’s average of 37% 

(Wave 5, 2017). Gender-wise distribution of the gross loan portfolio of SBP showed that only 

19% of women  were able to access microfinance loans compared to 82% of male consumers 

(ICCI , 2019).  

Due to limited mobility and literacy, unequal opportunities, patriarchal societal norms, and 

mistrust towards formal financial institutions, women are unable to access financial services and 

instead rely more heavily on their social networks to raise capital making ROSCA a widely 

acceptable tool by women. However, the ability to raise capital is also limited to the financial 

health of their peers often leading to defaults.   

There is currently no formal digital ROSCA in Pakistan. There have been multiple unsuccessful 

attempts by different financial institutions to establish bank-backed ROSCAs.  

 

Oraan is solving for the financially excluded, salaried, middle class segment that have a high 

propensity for financial growth but are not viable for mainstream financial providers due to low 

disposable income. 

 

We adopt ROSCAs as an entry point and leverage this network to create an alternative solution 

to money management by connecting users to simplified financial information and market access 

allowing them to integrate into the formal economy without friction. Oraan Committees are not 

only a viable alternative for people unlikely to be served by commercial financial institutions, 



 

they act as a tool for social capital, women’s financial independence, a sense of belonging and 

economic development.  
 

  

Experiment Design 

 

Under our experimental design, all committees formed in a single, randomly chosen, month within 

a pre-defined cohort received a particular type of digital engagement. Each cohort includes two 

months; for example, cohort 1 includes all committees formed in August 2020 and September 

2020, respectively. After applying a standard randomization procedure, the treated month groups 

were the August, October, and January groups, respectively. The September, November, and 

December month groups thus served as the corresponding control group for our analysis. The 

engagements for each cohort were as follows, and are summarized in Figure 1 below: 

1. Cohort 1 (August/September): Trust 

2. Cohort 2 (October/November): Loyalty 

3. Cohort 3 (December/January): Evangelism 

We launched each engagement at least three months after a committee was formed. As stated 

previously, repayment behavior tends to drop off around 4 to 5 months after committee formation. 

Therefore, we believe that we intervened at an appropriate time for cohorts 1 and 2, though we 

may have treated cohort 3 a month or two earlier than when we considered it to be ideal.  

 

 



 

 

 

 

 

 

 

 

 

 

 

Before launching the experiment, we verified that clients across both month groups within a 

particular cohort had similar observable characteristics. This is a necessary step to ensure that 

clients in the control group for any cohort serve as an appropriate counterfactual for how the treated 

month group would have behaved in the absence of the intervention. In other words, average repayment 

activity for clients in, say, the September group can proxy for how repayment would have evolved for the 

August group had it not been treated. We also verified that there aren’t significant spillover effects that may 

understate the treatment effect measured for the experiment. Clients who were in both the treated and 

control month groups within a cohort did not account for more than 10% of the overall client sample. 

Empirical Strategy 

Our empirical strategy estimates the treatment effect of being assigned to a particular treatment 

group relative to the relevant control group. The estimating equations, for any particular cohort, 

are as follows: 

𝑦𝑖𝑡𝑚 =  𝛽0 + 𝛽1𝑃𝑜𝑠𝑡𝑡 + 𝛽2𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡𝑚 + 𝛽3𝑃𝑜𝑠𝑡𝑡 × 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡𝑚 + 휀𝑖𝑡𝑚   (1) 

𝑦𝑖𝑡𝑚 =  𝛾1𝑃𝑜𝑠𝑡𝑡 × 𝑇𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡𝑚 + 𝜇𝑖 + 𝛿𝑡 + 휀𝑖𝑡𝑚      (2) 

where i indexes an individual client, t indexes the date at which repayment data was extracted, and 

m indicates the committee formation month. 𝑦𝑖𝑡𝑚is the outcome variable of interest e.g., days 

overdue for a payment. 𝑃𝑜𝑠𝑡𝑡is an indicator that equals one for all dates after the start of the 

intervention. For example, for cohort 1, whose intervention began on February 1, 2021, the 𝑃𝑜𝑠𝑡𝑡 

variable equals one for all dates after February 1. 𝑇𝑟𝑒𝑎𝑡𝑚 is a binary variable that equals one if a 

member’s committee month is assigned to the treatment group, and zero if assigned to the relevant 

control group. 휀𝑖𝑡𝑚is the error term. We augment the standard approach in (1) by adding in member 

and time fixed effects in equation (2), denoted by 𝜇𝑖and 𝛿𝑡, respectively. The member fixed effect, 

𝜇𝑖, controls for any non-time varying member characteristics that may be correlated with treatment 

status. Therefore, our estimates in equation (2) flexibly account for factors such as members’ 



 

socioeconomic status, demographics, and unobserved reliability that may be plausibly correlated 

with their payment activity. The time fixed effect 𝛿𝑡controls for any shocks over time that affected 

both treated and control cohorts equally, such as changes in national lockdown laws or the advent 

of Ramadan.  

Our estimation strategy is a differences-in-differences approach where our coefficients of interest 

are 𝛽
3
and 𝛾

1
. Both coefficients compare the difference in outcomes between treated and control 

group individuals after the experiment, relative to this same difference before the experiment. In 

other words, the coefficients measure by how much outcomes changed for treated individuals over 

and above how we would have expected them to change had there not been an intervention.  

The three main outcomes we consider are as follows: 

1. Fraction amount overdue: The balance overdue at the date of payment as a fraction of the 

expected installment amount. 

2. Days overdue: The number of days by which a payment was overdue relative to the due 

date, which is the tenth of every month. 

3. Payscore: A consolidated measure of repayment activity developed by Oraan. It is a 

number between zero and one that is increasing in a client’s repayment activity. 

We also test for heterogeneity in these outcomes by client characteristics such as gender, age, 

employment status and city of residence. This exercise allows us to verify whether the baseline 

treatment effects differed by various sub-groups of interest.  

 

Engagement Strategy  

 

Three types of engagements were planned for the duration of the experiment, one to be received 

by each pair of cohorts. These were Trust, Loyalty and Evangelism. The engagements represent 

different themes that we believe are the pillars of social capital that we aimed to recreate in a 

digital setting.  

 

Trust within communities is dependent on how well you know your peers. Our messaging for 

this engagement took the form of sharing the impact that we have created, our new application 

development based on customer feedback and involving the chosen cohort in being part of 

Oraan’s decision making such as choosing committee names. 

  

Loyalty within communities is based on the time that people spend with each other and is built 

upon helping each other out. Here the messaging took the form of asking members through mini 

questionnaires about ways in which we can better serve them, how any of our current actions can 

be improved upon and providing access to payouts earlier than when they are due. 

 



 

Evangelism involves talking about which group of people you are a part of. The idea being that 

the more people talk about a certain idea, whether it is in a positive or negative manner, the 

greater the influence on the social construct. In terms of the experiment, this involved asking our 

members to bring more of their own community into Oraan. We shared individual referral codes 

and set an undisclosed prize for the member that brought in the most people.  

 

Our chosen tool to communicate with the members was Whatsapp as it is the primary form of 

communication within Oraan and it is comparatively easier to track individual member responses 

on Whatsapp than on other social media sites such as Facebook - while we can observe an 

overall increase in engagement on platforms such as Facebook, we can not tell whether our 

cohorts in question were the ones engaging. Whatsapp is however limited by the number of 

people that one has in their address book. 

 

Data was collected and tracked through Typeform and Google Sheets.  

 

Engagement for trust were sent on a weekly basis whereas for Loyalty and Evangelism the 

timelines were more sporadic to counter fatigue.  

Quantitative Results  

We show in Tables 1 and 2 that the loyalty and evangelism engagements led to an improvement 

in client repayment activity, though the result is only significant for the evangelism cohort. 

Conversely, the trust engagement was associated with increases in both the days as well as the 

amounts overdue. Columns (1) and (2) of Table 1 report results for the trust engagement from 

estimating equation (1) and (2) for the days overdue outcome. As shown in column (2) the 

𝛾
1
coefficient is positive and statistically significant at the 5 percent level. It implies that the August 

month group’s days overdue increased by 2.3 days relative to the September month group after the 

intervention began. Columns (3) and (4) of Table 1 replicate the results in columns (1) and (2) for 

the loyalty engagement, and columns (5) and (6) display results for the evangelism engagement. 

The 𝛾
1
coefficient is negative in both columns (4) and (6), implying that both the trust and the 

evangelism engagements were associated with reduction in days overdue, though this result is only 

statistically significant for the evangelism engagement. Table 2 replicates the structure of Table 1 

for the fraction amount overdue outcome. The results are largely consistent with those in Table 1, 

except that the 𝛾
1
coefficient is now no longer statistically significant in column (6). Results for 

payscore, reported in Appendix Table A.1, are not statistically significant once we control for 

member and time fixed effects, implying that payscore may be too coarse of a metric to detect 

changes in post-treatment payment activity.  

 

 

 



 

 

 

 

 

 

 

 

 

 

Table 1: Impact of Engagement on Days Overdue 

 

 

Table 2: Impact of Engagement on Fraction Amount Overdue 



 

 

We hypothesize that the nature of the engagements, specifically whether they are community or 

individual-based may be driving these results.  

Initially we assumed that all three engagements would lead to the creation of social capital and 

consequently an improved payment behaviour. Trust communication was more community driven 

where we were sharing our journey and the impact we had so far. Loyalty and evangelism were 

more focused on the individual, where the members were asked to share their stories and 

what more we could do for them. However, it is now plausible that in an attempt to recreate 

social capital, both the positive and negative externalities can be recreated. While it is reasonable 

to think that building trust between two people would lead to a stronger bond, there is also reason 

to believe that because of the stronger bond, people assume an inherent leeway. It is possible that 

this reasoning is driving the results of the Trust engagement. The outcome is likely different for 

loyalty and evangelism as for those engagements, the communication involved member 

participation far more. Involving members seems to drive stronger payment behaviour, which we 

had previously observed during peak COVID season in 2020 as well.   

The results further show that our randomization strategy was valid. The 𝛽
2
coefficient on Treatment 

in equation (1) captures average differences in outcomes between the treatment and control month 

groups before the intervention occurred. This coefficient is not statistically significant across any 

of the columns in Table1 or Table 2, showing that there were no meaningful differences in member 

repayment activity in a cohort prior to the start of the experiment. 

Results by Sub-Group  

There are no substantial differences in outcomes by gender. Table 3 displays results by male and 

female members. The coefficient on “Post x Treatment x Female” is equivalent to estimating (2) 

for female members only.1 As shown in column (3) of the table, both men and women report 

 
1 The same applies for the coefficient on “Post x Treatment x Male”. 



 

declines in days overdue for the evangelism treatment. The results for amount overdue, reported 

in Appendix Table A.2, also report declines (though statistically insignificant ones) in amounts 

overdue by gender.  

 

 

 

 

 

 

 

 

Table 3: Impact of Engagement on Days Overdue by Gender 

 

Results by age and employment are also consistent with our theory of change regarding how the 

engagements may have impacted client repayment behavior. As is the case with any digital 

engagement, the individuals who are expected to change their behavior the most following 

treatment are those who are particularly technologically savvy. While we cannot measure 

technological know-how directly, we proxy for it with client demographic and socioeconomic 

characteristics. Results by different age categories, reported in Table 4, show that adults between 

the ages of 25-34 report the greatest change (both positive and negative) in days overdue following 

treatment. Similarly, as shown in Table 5, the loyalty engagement most significantly affects 

repayment behavior for students; this result is intuitive since we expect students to be particularly 

attuned to digital communications. 

 



 

Table 4: Impact of Engagement on Days Overdue by Age Groups 

 

 

 

 

 

 

Table 5: Impact of Engagement on Days Overdue by Employment 



 

 

 

 

 

Qualitative Results 

 

Our best performing engagement was our first engagement, Trust. On average it received the 

highest engagement rate, close to 15%. Content here heavily featured member interaction in the 

form of get to know us quizzes and getting involved with Oraan decision making. 

Subsequently, Evangelism, on average, received the lowest engagement rate, close to 4%. While 

the individual codes were well received, engagement throughout the duration of this 

communication diminished, likely because members only have a handful of people that they can 

send their referral codes from which only a subset will end up replying. Additionally, there was 

little to no incentive for members to share their codes. In the wider literature, most referral 

schemes are backed by monetary incentives. While we had kept a monetary incentive in place, 

we had not disclosed what the “prize” for the most referrals was to our members. A known 

monetary incentive would have likely increased our engagement rate but would have also gone 

against the nature of social capital that we were trying to recreate. 

 

As we delivered engagements to respective cohorts for Trust, Loyalty and Evangelism, we made 

further observations regarding how member interaction shifted depending on a number of key 

factors which included language used, call-to-action, festive periods, and the time of the day at 

which the engagement was sent.  

 



 

We used two languages during the experiment - English and Minglish. While Trust engagements 

were sent in English, for Loyalty and Evangelism we shifted between the two and observed a 

higher response rate when English was used. 

 

Engagements sent out for Trust and Loyalty, focused on opening up a two-way communication 

between Oraan and the members, often prompting members to respond with an emoji. We 

realised that the simplicity of this CTA elicited a much greater response rate from members. A 

higher success rate was seen with CTAs that asked members to share something about 

themselves such as their goals, or to talk about their loved ones, for example on Mother’s Day 

we witnessed a higher response rate when we asked members to tell us what their favourite thing 

is about their mothers.   

 

Furthermore, within Trust, we also often shared information with members regarding Oraan’s 

goals and the impact the startup has created thus far. We found that such forms of engagement, 

which also did not include a CTA, did not elicit a high degree of responses. 

 

Evangelism engagements were designed to prompt members to refer Oraan to their friends. 

Within this cohort, we witnessed that individual messages performed better than group messages. 

For example, we sent each member of the cohort a unique referral code that they could pass on to 

their friends. The message sent addressed each member by their name as well. We observed a 

higher success rate for this individualised messaging.   

 

Another observation we made was that during a festive period, members’ interaction with 

engagements decreased. The period during which we were sending engagements for Evangelism 

and Loyalty overlapped with Ramadan and Eid-ul-Fitr, a time when members were busy with 

religious, familial and cultural commitments.   

 

We also observed whether or not members’ interaction shifted depending on what type of 

content was shared with them: i.e. pictures, videos, voice notes, plain text. Our results showed 

that plain text engagements generated a much higher degree of responses whereas voice notes 

and videos resulted in the lowest response rates.  

 

Lastly, we were wary of how frequency of engagements might result in fatigue on the part of 

members and made cautious efforts to control the number of engagements being sent out for 

Loyalty and Evangelism. 

 

During the experiment, we did witness certain “fan personalities” become apparent. These are 

Oraan members who engage more frequently with content relative to their peers. We also 

observed that when feedback forms and quizzes were sent out as engagement, they would 

interact with them, sometimes multiple times, too. 



 

 

Conclusion 

 

We began our experiment on the assumption that building digital social capital, which meant the 

recreation of trust, loyalty and evangelism in a digital format, would lead to improved payment 

behaviour as our evidence suggested that by the 4th month onwards, payments tend to lag.  

We designed our experiment by picking cohorts that were due or already had started their 4th 

month and randomly assigned them to an engagement. All cohorts were checked across 

observable characteristics to ensure that any result from the experiment would be solely due to 

the intervention itself. We engaged with members via Whatsapp, our main tool for 

communication.  

We found that while our expectations for loyalty and evangelism were true, trust had a converse 

effect. This is likely because building trust can lead to the trust being misused. This effect is also 

amplified by our qualitative results where the trust cohort had the highest engagement rate 

overall as compared to the other two. No substantial differences in quantitative outcomes were 

seen by gender, while results by age and employment were also consistent with our theory on the 

results.  

 

Recommendations 

 

Based on our results, we would recommend the use of content that is geared towards the 

individual when it comes to the creation of social capital in an effort to build better client 

relationships. Content that shares the impact of an organization is recommended for engagement 

purposes only. It is also likely that a strategy which combines the loyalty and evangelism 

approach can lead to better outcomes. Future research should also consider how the improvement 

in client repayment activity for an engagement such as ours compares to more conventional 

schemes that incentivize better repayment behavior through monetary incentives. 

Finally, the frequency and language of communication should also be kept in mind when 

building the engagement plan and should include CTAs as part of the approach. 

 

 

 

Appendix A: Additional Tables and Figures 

 



 

 

Table A.1: Impact of Engagement on Payscore  

 

 

Table A.2: Impact of Engagement on Fraction Amount Overdue by Gender 

 

 

 

 

 

 

 



 

 

 

Engagement Screenshot A.1 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Engagement Screenshot A.2 

 



 

 


